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Abstract
GMA is a powerful tool for early cerebral palsy screening, but
clinically useful Al-GMA systems must jointly address quality-gated
acquisition, robust temporal representation, calibrated risk output,
and workflow integration.

Early identification improves developmental outcomes.
Quality is the upstream enabler, not the result of fate.
GMA reduces content bias in the risk.
Prior Al-GMA work often emphasizes isolated model metrics.
The goal is trustworthy clinical decision support.
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enabling edge deployment.
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Beyond AUC
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Quality gating before inference is essential for reliability and safety.

Privacy-preserving compact representations enable safe cross-site collaboration.

Risk-stratified outputs with calibration and rejection handling support clinicians.

Seamless integration with pediatric workflows is key for adoption.

Deployment is the core scientific challenge, not an afterthought.
Quality gating and QC drive a more reliable and clinically actionable Al-GMA.
Privacy-preserving collaboration enables broader clinical adoption.
The goal is trustworthy clinical support systems for early CP screening.

［1］Michalska, K. et al. General movement: an overlooked tool for the assessment of premature motor
function.J. Pediotr., 176, 43-SO, 2016.
［2］Ziska, N., et al. Motion between neurons and general movement: A survey and benchmark. IEEE Trans. Med.
Imaging.39(8), 2313-2324. 2020.
［3］Yin, T., et al. Multi-resolution attention with content policy framework and performance analysis and design
of hardware accelerator. IEEE Trans. 18, 18-27(2023).
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